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integrating artificial intelligence (Al) with extended reality (XR) and implement a basic
prototype of the framework.
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Equipment Detection Learning Interactive Scenario
* Does the training framework prototype of IntelEUI improve the training experience in

EUIs compared to traditional approaches? l | l & ' : }‘ \\\
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* MobileNet-SSD based deep learning technique 1s employed to perform real-time ok \ A Framework
object detection task, and Progressively Expanded Deep Neural Network is being mportML | . Import Vuforia * Identified needs from Northern Indiana Public Service Company (NIPSCO), and collected data.
embedded to improve detection accuracy. mierence Srapn ferget Datebase  Developed an interactive multimeter tutorial using deep learning and AR.
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* A survey 1s developed to measure outcomes of the XR training tool on the user 535 AR Training \ * In our future work, we will incorporate transfer learning modules to more accurately predict
experience, including usability, engagement, trust of the system, satisfaction, user @ Scenario machine maintenance in advance. Data volume sensitivity as well as machine learning model
mental workload and cognitive fatigue, and open-ended questions regarding explainability will be also conducted.

suggestions for system improvement.  Human effectiveness and cognitive workload will be also further analyzed.
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